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Table 1 The results of using average pixel value

oo BEMgRR MUUMEE BoRiRE FIRE
1 (170, 325) 50 255.5 27.0
2 (49, 385) 50 308.9 201.0
3 (273,26) 64 42.8 17.4

T2 MBREARKENBERTHER

Table 2 The results of using maximum pixel value
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Table 3 The results of using random pixel value

i G FGern  MUERT  mKiRE CFERE
1 (170, 325) 50 241.0 33.2
2 (49, 385) 50 308.9 201.0
3 (273, 26) 64 42.8 17.4
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Automatic Extraction of Endmember from Hyperspectral Imagery by
Iterative Unmixing

WU Bo,ZHANG Liangpei, LI Pingxiang
(State Key Lab of Information Engineering in Surveying, Mapping & Remote Sensing, Wuhan University, Wuhan 430079, China)

Abstract ; Linear pixel unmixing is a straightforward and efficient approach to the spectral decomposition of multi-channel & hy-
perspectral remotely sensed scenes- A main drawback to its utilization in operational cases is that the endmember of spectral com~
ponents can not be retrieved correctly and automatically - Developing unsupervised methods to automatically abstract endmember
is a difficult but significant job- The authors presented an iterative error analysis algorithm to retrieve endmembers and unmixing
hyperspectral imagery automatically after obtaining some constraint conditions of selecting endmembers by analyzing error propa~
gation in linear spectral unmixing model, and combined with the property of endmember which is cohesive in spatial - The experi-
mental results show the algorithm is robust by testing various thresholds and initial iterative value- Other experiments for test effi-
ciency and accuracy of the algorithm by employing AVIRIS and PHI hyperspectral data were also done-

Key words: automated endmember extraction; mixing pixels; iterative unmixing



